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Motivation

Separation of Tasks:

A Modeling work

A AMLs are powerful tools for developing solver
independent optimization models

A GAMS for modeling and optimization

A Intuitive deployment and visualization are
becoming increasingly important

A End -users of optimization software are very
often not modeling experts

A Need for easy -to -use tool to visualize data and
compare results

A Current deployment possibilities are not
satisfactory for everyone




Deployment of GAMS models

current possibilities
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Object Oriented APIs

A GAMS comes with several OO
'r1ty " ?1N i
develop applications

A Programming required to
build your applications




GAMS MIRO e
Model Interface with Rapid Orchestration
Click to
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Example

Model: Pickstock



Dow Jones ~ ®

Model: Pickstock

of training phase
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Data : Performance of all shares of the

Dow Jones index over a period of 1 year
Goal: Find a small selection of stocks that
follows the Dow Jones as good as possible
Optimization model . Select a subset
(Omaxstock ) of Dow Jones stocks, along
with weights, so that this portfolio

behaves similarly to the overall index

(in the training phase)

minimize

subject to

obj = Z slpos; + slneg,
ds
Z price, - wy = index g + slpos ;; — slneg,,
8

Wy < Py
Z ps < maxstock
5

wy 2 0,
slpos,; = 0,

ps € 10,1}
slneg; > 0

(Vds)

(Vs)

(Vs)
(Vd)




Model: Pickstock

minimize obj := Z slpos, + slneg,,
ds
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Model:

Pickstock

Dow Jones vs. Index Fund

— Dow Jones index — Index fund
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Run the model

> Scenario ~

Help ~
Input
default (*)

Output

GAMS interaction

Price  Input widgets
Compare scenarios

Select the maximum number of stocks

Load data

©-  Scenario -

Help +

nteraction
weight  Dow Jones vs. Index Fund Price (stocks & dow jones)  Oulput Scalars
utput
- Model execution phase Compare
| % GAMS interaction dow jones vs. index fund  absolute error
i Compare scenarios Dow Jones vs. Index Fund
Stop Logfie | Listing file — Dow Jones index — Index fund
Tteration log . . . 129
Iteration: 1 Dual objective = 0.000000 \
Initializing dual steep norms . . . 18 7 y
Iteration log . . . 118 {
Iteration: 1 Dual objective = 0.000000 |
Root. relaxation solution time = 0.0 sec. (1.90 ticks) 114 /
Hodes s/ il
Node Left Objective IInf Best Integer  Best Bound  ItCnt Gap 2 g
= 0+ 0 9912.0952 0.0000 100.00% 10
Found incunbent of value 9912.095235 after 0.01 sec. (4.48 ticks)
23 9912.0952 0.6000 29 100.00% 108
s e o e o000 To0.00% \
Found incumbent of value 381.450815 after 0.81 sec. (8.41 ticks) 106 /
0.6742 30 3BLASI  Cuts: 66 7 99.82% A
= 0+ 0 6094 0.6742 99.76% 8
Found incumbent of value 276.609354 after .02 sec. (24.50 ticks) £ 104
o o 17079 30 276.6094 ts: 85 140 99.38%
o 0 2.0933 30 276.6094 204 99.24% 102
0o 0 2,851 30 276.6094 246 99.21%
(] ° 2.2851 30 276.6894 278 99.17% 100§
< o 0 199.7374 98.86% i
Found incunber P
o o
o o
o o
= e o 3
Found incunber £
2 [ @ ncerFure 4 B ks & sl Ot s &
T - s s ve Irces fure P oncke cewon) - £
0 o £
T . [P - °
B Shaw(18_tjentries — Absalute Errar: Dow Janes v, Index Fund [
Update
ano stnauna wrar wain o = lay jun ul ug p ov ec
o = s 2016 2016 May 2016 Jun 2016 Jul 2016 Aug 2016 Sep 2016 00t 2016 Nov 2016 Dec 2016
wenos )
e oo & Date
arece am oo
e o .
£
wenn s o §
e [F 0w C
aneno I o o
anene 1@ 0w
arama az oce o
e aw om
anenz am 0w
ez st 0w
A Al il E Pl Lo
Snowngtmrsmos e e |1 2 3 ¢ w e el Errar




Compare scenarios
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